Authors’ Pre-print
Accepted for publication October 18, 2012
Available online http://onlinelibrary.wiley.com/doi/10.1002/wcs.1204/abstract
DOI: 10.1002/wcs.1204
How to cite this article: Wilson, K. M., Helton, W. S., & Wiggins, M. W. (2013). Cognitive engineering.

Wiley Interdisciplinary Reviews: Cognitive Science, 4(1), 17-31.

Article type: Overview

Article title: Cognitive Engineering
William S. Helton, University of Canterbury, Deak.Helton@canterbury.ac.nz, no conflict of interest
First author: Kyle M. Wilson, University of Canterbury
Second author: William S. Helton, University of Canterbury
Third author: Mark W. Wiggins, Macquarie University

Cognitive engineering is the application of cognitive psychology and related disciplines to the design
and operation of human-machine systems. Cognitive engineering combines both detailed and close
study of the human worker in the actual work context and the study of the worker in more
controlled environments. Cognitive engineering combines multiple methods and perspectives to
achieve the goal of improved system performance. Given the origins of experimental psychology
itself in issues regarding the design of human-machine systems, cognitive engineering is a core, or
fundamental, discipline within academic psychology.

Cognitive Engineering is an applied cognitive science, or as Woods and Roth state Cognitive
Engineering, “is an applied cognitive science that draws on the knowledge and techniques of
cognitive psychology and related disciplines to provide the foundation for principle-driven design of
person-machine systems” (Ref 1, p. 415). The focus is on the application of cognitive psychology to
the design and construction of machines or human-machine systems.2 While often described as the
application of cognitive psychology in particular, most researchers in the field of Cognitive
Engineering take an eclectic or ecumenical approach, borrowing from other disciplines as necessary,
for example, anthropology and sociology. This interdisciplinary orientation enriches the methods
available to cognitive engineers. Cognitive psychology, or applied experimental psychology, has
strengths in the quantification of behaviour and experimental methods, but these can be
supplemented with the qualitative and field methods developed by anthropologists and
sociologists.3
Cognitive Engineering is also best regarded as a goal-directed activity. As Norman relates,
“the goal of Cognitive Engineering is to come to understand the issues, to show how to make better
choices when they exist, and to show what the tradeoffs are when, as is the usual case, an
improvement in one domain leads to deficits in another” (Ref 2, p. 31). To accomplish this goal,
cognitive engineers must first understand the human-machine system. This entails the need to
become familiar with the specific work setting being examined, whether this is air-traffic control,
battlefield management, medical monitoring, or, in historical settings, astronomical observation. The
formal method of becoming familiar with the particular human-machine system often adapts the
field methodology more familiar to anthropologists and sociologists than to experimental
psychologists.3 Indeed, the introduction of these field methods and a clear statement of the need to
become highly familiar with the particulars of the human-machine work system is a marker of the
new approach to cognitive engineering, which emerged in the late 20th century. Once the humanmachine system is understood, improvements can be suggested using general principles of human
cognition informed by domain-specific knowledge. These suggestions for system improvements are

then subjected to rigorous tests to determine their efficacy, including their robustness in operational
or close-to-operational (simulated) settings.
An outstanding issue is the relationship between Cognitive Engineering and Human Factors
or Engineering Psychology. The latter two are terms that describe the application of human science
and psychology to human-machine system design with the intent of improving system performance.
However, while some advocates of Cognitive Engineering see the field as simply another dimension
of the field of applied psychology or Human Factors (essentially Cognitive Engineering is completely
continuous with psychology and Human Factors as a whole), another group see Cognitive
Engineering as new and revolutionary. Although the former perspective is probably more historically
accurate (as we outline in the next section of this review), the advocates of the new Cognitive
Engineering have undoubtedly added important dimensions to the discipline and thereby expanded
its scope. Nevertheless, the move towards the new Cognitive Engineering may have overlooked the
field’s historical legacy and continuing tradition in experimental laboratory research. As we will
conclude, we suspect that Cognitive Engineering is simply a facet of Human Factors and fits
comfortably within that discipline.
Although Cognitive Engineering might be regarded as a facet of Human Factors, one advantage
of the introduction of the term is that it may have merits for rebranding Human Factors and
cognitive psychology more broadly.4 Indeed, adding the term engineering may have increased the
professional recognition of Human Factors and cognitive psychology. This may add weight to the
discipline, since engineering engenders a level of usefulness, practicality, and effectiveness. In the
following review, we will provide a historical perspective on Cognitive Engineering, relay some of the
contributions of the new approach to cognitive engineering, and the contributions of earlier
approaches to cognitive engineering. Finally, we will conclude that Cognitive Engineering and, by
extension, its capacity to effect improvements in the industrial landscape, is best achieved through a
combination of both laboratory and field work.

PSYCHOLOGY HAS ALWAYS BEEN COGNITIVE ENGINEERING
Cognitive Engineering is not, despite pretensions,1 an entirely novel idea and might be
considered a natural aspect or facet of academic psychology. Indeed, much of psychology itself could
be considered some form of cognitive engineering. Contemporary psychological text books, when
presenting the history of psychology, often obscure its technological origins such that psychology
appears less applied than it is in reality.5 This was not the case in earlier psychology textbooks,6
where the practical and applied origin of psychology was considerably more explicit. Academic
psychology directly originated in a practical concern with optical technology: the personal equation
in astronomy.
In the early nineteenth century, there was wide-spread recognition that astronomers differed
in the times that they recorded transits. A transit in astronomy is when a celestial body crosses in
front of a marker in either the eye-piece of a telescope or another celestial object. The individual
differences in transit times were sufficient to have significant implications for important calculations
needed for both navigation and geodesy. This would have wider societal implications for commerce
and military operations, which were dependent on accurate geo-location. Wilhelm Wundt,
Franciscus Donders, and the other founders of academic psychology were addressing the personal
equation in their research.7
Until the introduction of photographic measurement methods in the late 19th century, which
made earlier transit techniques obsolete, astronomers themselves were deeply concerned with the
personal equation.8 The chronoscope invented by Charles Wheatstone in the UK in the 1840s and
the chronograph, developed by researchers in the United States, were developed to measure
individuals’ reaction times accurately and these technologies were quickly deployed to address the
personal equation in astronomical observatories. Ormsby Mitchel, director of the Cincinnati College
(now University of Cincinnati) Mt. Adams observatory, revolutionized the field by employing a
galvanic barrel chronograph in astronomy. In 1851, with the help of colleagues such as Harvard
astronomer Benjamin Peirce, Mitchel demonstrated to the American Association for the

Advancement of Science the level of precision that could be achieved by measuring and taking
account of what Mitchel called the personality of the eye.9 Inspired by Mitchel’s pioneering work,
George Airy10 at the Greenwich observatory developed a series of transit studies using an artificial
star. Airy would use this simulated task to measure an astronomer’s personal equation or
personality of the eye.
Observatories in the mid 19th century were comparatively well funded research organizations
doing work important for society. The Greenwich observatory, for example, had a staff of 53
employees, including assistants and people hired to make computations (computers). The cognitive
engineering undertaken by Airy and his contemporaries to more precisely control and improve
observatory work revolutionized astronomical work and, as Schaffer8 argues, resulted in the
industrialization of the observatory. Indeed, this work industrialized science itself. As Mitchel (Ref
11, p. 176) wrote, “the observer himself is but an imperfect and variable machine, utterly incapable
of marking the exact moments required.” By studying the scientist, the scientist’s cognitive system,
and including this information in the system’s design, the entire observatory system could be
improved as a functional whole. The pioneers of psychology were cognitive engineers.
In pursuing the personal equation, Wundt was effectively undertaking a process analogous
to contemporary approaches to cognitive engineering. He required highly trained participants for his
perceptual research because this reflected the reality of workers in contemporary observatories.
Boring reports in relation to Wundt’s research that, “No observer who had performed less than
10,000 of these introspectively controlled reactions was suitable to provide data for published
research from Wundt’s laboratory” (Ref 12, p.172). Therefore, the origins of psychology as an
academic field were a direct result of these early forays into what might be regarded as cognitive
engineering. The astronomers of the time were highly trained and calibrated using for example,
Mitchel’s and Airy’s techniques. Wundt’s experimental participants were treated similarly, as they
were replicates of their working models. Despite rumours to the contrary, the main thrust of

Wundt’s laboratory work was ecologically realistic and reflected the working conditions of his
intended audience.
In addition to the issue of the personal equation, other research topics explored by early
academic psychologists also came directly from human-machine systems. These included the issue
of range estimation. The rifled barrel was introduced to artillery in the 1840s. Rifling, which results in
spinning the projectile, dramatically increased the range and accuracy of artillery fire. However, the
benefits of rifling could only be realized if the gunner could accurately estimate the distance to the
target. Herman von Helmholtz developed the first optical range finder, which used perceptual
research to improve range estimation. Charles Wheatstone, inventor of the stereoscope and
chronoscope, also explored optical issues regarding distance estimation, and also worked for the
British admiralty to improve gunners’ rate of fire, clearly an early forerunner of contemporary
human-machine system research.13,14
Given Helmholtz’s practical interest in range estimation, it is hardly surprising that his protégé
Wundt continued his work on range estimation and human-machine system research. Indeed, the
majority of Wundt’s empirical research was in visual space perception.15 Of what practical use is
knowing where things are in space from visual cues alone? Simply, you would have only needed to
ask a naval gunner of the era. The emergence of academic psychology is no coincidence, but fit the
revolution in technology of the time. In effect, psychology was the era’s attempt at cognitive
engineering.16 There have always been concerns regarding the ecological validity of psychological
laboratory research and this is not new.5,17
THE NEW COGNITIVE ENGINEERING
This section details three frameworks within Cognitive Engineering that are often considered
to be more recent or ‘newer’ additions. The first is Cognitive Systems Engineering (CSE), an approach
which emphasises the study of macro-cognition, or the cognition of skilled operators working in
actual socio-technical systems. This is distinguished from the study of micro-cognition which often
focuses on the sub-components of cognition of individuals’. Macro-cognitive constructs are generally

broad in nature (e.g., mental simulation, situational awareness) while micro-cognitive constructs are
narrower in focus (e.g., sustained attention, working memory). As depicted in Figure 1, the
distinction between macro- and micro-cognition is an ontological distinction, with micro-cognition
focusing on the sub-components of cognition considered in isolation and macro-cognition examining
the emergent properties that become evident when the human cognitive system is situated in a
larger system made up of both other people (socio-) and tools (technical-). This distinction is unique,
though correlated, with the choice of epistemological method, experimentation versus observation.
While advocates of CSE may be found more often in quadrant B, performing observational research
on macro-cognition, and cognitive psychologists in quadrant C, performing controlled laboratory
studies of micro-cognition, research in quadrants A and D is important and should not be neglected.
The second framework is Naturalistic Decision Making (NDM), which also concerns macro-cognition.
The third is Ecological Interface Design (EID) which focuses on the affordances which the work
domain offers the human operator. All three share in common an approach that focuses heavily on
the interplay of socio-technical systems. Some, however, consider NDM and EID to be frameworks
within CSE itself. All focus more on fieldwork than laboratory work, perhaps, distinguishing the new
CE from the more traditional approach to CE; researchers in the newer approaches of CSE and NDM
tend to be found in quadrant B (but not exclusively).
Klein et al.18 suggest that a focus on macro-cognition in CSE and NDM is beneficial, since it
allows an assessment of human performance in context. Context is critical to understanding system
performance. For example, if workers were denied access to the prosthetics they use to do their jobs
in the actual work environment (for example, calculators or physical reminders for a task requiring
memory, like post-it notes) their behaviour is unlikely to have relevance to understanding how the
system works in practice. Macro-cognition also requires a different approach than the study of
micro-cognition, although it might be argued that micro-cognition may benefit by being
contextualized by macro-cognition studies. The overall perspective of these approaches is that

studying the person in the actual working system is radically different from studying the person in
isolation of the entire working system.19
Cognitive Systems Engineering
Defining Cognitive Systems Engineering (CSE) is difficult since the term is sometimes used
interchangeably with cognitive engineering. Militello, Dominguez, Lintern, & Klein (Ref 20, p.3)
contend that “CSE is an approach to the design of technology, training, and processes intended to
manage cognitive complexity in socio-technical systems.” It is also referred to as joint cognitive
systems. At a basic level, a socio-technical system describes the interaction between people and
technology, bearing in mind that the term technology can refer to not only machinery but
procedures and knowledge as well.21 Further, it is one in which humans provide essential
functionality related to deciding, planning for, collaborating with, and managing the system.
CSE originated around the time that human-machine interaction grew so complex that these
two components, human and machine, were better viewed as a single all-encompassing system.22 By
emphasising macro-cognitive processes over micro-cognitive processes, CSE attempts to explain the
what and the why in terms of the joint cognitive system, in addition to the how.23 The core values
and intentions of CSE include: (1) observation, where practitioners observe work being done to
understand how workers do what they do and adapt within their environment; (2) abstraction,
which involves retrieving information and patterns from the various situations and settings; and (3)
discovery and innovation, whereby the information garnered from the first two processes is utilised
to create improved concepts and procedures.24 In CSE, there is no standardised process or sequence
of design. Rather, practitioners are constantly re-evaluating the design of the system as they
proceed. Any changes that are made to any aspect of the socio-technical system will likely have
carry-over effects on other aspects of the system and this creates an iterative loop. This iterative reevaluation is integral to the approach, and highlights the creative and opportunistic process of CSE.20
An important advantage of CSE over alternative approaches is that, conceptually, it takes into
account attributes of the particular environment of a system.25 This is often crucial, as the

environment can have a significant bearing on the functionality of the system as well as the desired
or required output. For instance, compare a large group of networked computers in a public library
with a similar group in a police department. The police department and public library have radically
different requirements, for example, regarding security of data and access. There is a concern,
perhaps unwarranted, that CSE is a move away from rigorous systematic methods to one more
emulative of haphazard tinkering. In the drive to examine and improve complete or intact work
systems, there may be a tendency to overlook the merits of isolating system components and
rigorously undertaking tests by controlling relevant variables (e.g., the experimental method).
There are many examples of CSE improving socio-technical systems.26, 27 Recently, it was used
to radically improve landmine detection rates from 5% to 95% within the U.S. Army. The first step
here was to observe soldiers who were considered experts in detecting landmines, as demonstrated
by their superior detection rates. Information processing analyses were performed to extract the
knowledge and skills they were utilising during detections, and afterwards cognitive models were
developed using this information. These models were employed subsequently to guide the design of
new training programs.28 A similar approach was used to develop weather-related training initiatives
for pilots. Cognitive interviews were conducted with expert general aviation pilots and cues were
identified that could be associated with deteriorating weather conditions. These cues were
incorporated into a computer-based training package, the introduction of which was associated with
improvements in pilots’ capacity to detect deteriorating weather conditions during simulated
flight.29
There are also numerous cases where designers have failed to include CSE in the design
process, leading to poor results. A well-known Los Angeles medical centre was forced to withdraw
highly-anticipated new computer software following user complaints,30 and a $170 million FBI
computer system suffered a similar fate following a lack of CSE during design and implementation. In
the case of the FBI computer system, failures arose because it did not offer the agents many of the
functions they required. This was said to be because the agency failed to define their operational

processes beforehand, leaving the software developers to do this instead.31 Despite the
opportunities afforded by CSE in improving human performance, it faces some challenges in
becoming better accepted by the design and engineering communities. One barrier is the complex
terminology used by CSE practitioners, and the fact that there is often more than one term used to
describe the same construct. This makes it difficult for practitioners outside the CSE field to
understand the role of cognitive engineering.20 Secondly, it has yet to outwardly establish itself to
other members of design disciplines. Often, CSE advocates confront difficulties in quantifying gains
precipitated by the CSE approach. If both the methods and the terminology of CSE can evolve into
forms which are more comprehensible for people in neighbouring disciplines such as engineering,
these disciplines may gradually begin to incorporate the use of CSE during the design process.20
Naturalistic Decision Making
Naturalistic decision making (NDM) can be defined as “how people make decisions in realworld settings,” (Ref 32, p.456). This is one of the similarities that NDM shares with CSE, since it
focuses on macro-cognition, rather than micro-cognition. As its name implies, NDM was originally
based around decision making in naturalistic contexts. In the past decade, however, it has evolved to
include a focus on cognitive constructs within these contexts, also known as macro-cognition.33
Considerable evidence exists to indicate that decision-making within ideal conditions is not always
representative of the decision-making strategies that are engaged in practice.34 This is unsurprising
since both utility theory and behavioural decision theory propose that decisions, optimally, should
be made in a step-by-step manner, with alternative actions and potential outcomes compared via a
deliberate and calculated approach. This is time-consuming and, in natural settings, decision makers
are forced to take cognitive short-cuts or use heuristics.
NDM advocates assert that decision making strategies that are engaged in field settings are
often distinct from the strategies that are evident in isolated or in relatively impoverished laboratory
environments. While traditional research describes optimal decision making with normative models

such as utility theory, other models such as the recognition-primed decision (RPD) model are thought
by NDM advocates to better express how decisions are made in naturalistic settings.
The RPD model emerged from work by Klein and associates,35 who undertook cognitive task
analyses with fire fighters. They noted that the fire fighters were not engaging decision strategies
consistent with traditional models, such as behavioural decision theory and utility theory. This was
especially the case in situations that were time-pressured and/or that embodied uncertain or illdefined goals.36 It is difficult to imagine a fire fighter pausing amid putting out a burning house with
people trapped inside, to carefully sort through and compare options mentally. While this may
increase the likelihood that the fire fighter will select the optimal response (although it may not), it
will definitely consume a large portion of time and cognitive resources. When making decisions in
the field, experts in particular, use pattern recognition techniques to match a situation with
potential responses to that situation. For example, on glancing at the burning house and seeing a
particular type or colour of smoke, the expert fire fighter can rapidly identify the type of combustion
and its implications in responding to the fire. This could be a result of matching the features of the
event being experienced to a previous event involving a similar-style house. This approach often
yields a much shorter decision making duration, and frequently, the first option considered is the
‘right’ option under the circumstances.37 Studies of chess players several decades ago showed that
the performance of expert players was barely affected by a considerable shortening of the time
permitted to make moves, while the performance of non-experts suffered markedly. Furthermore,
the very first options considered by experienced players at each move were much more likely to be
considered adequate than the first options considered by non-experts.38 The early studies by Klein
and colleagues also established that experts were using a tactic – which had been identified over
thirty years previously – referred to as satisficing.39 This describes the act of choosing the first
feasible option that comes to mind (satisficing), rather than searching for the optimal option
(optimizing). When contemplating an option, experts would often ‘play it out’ as a mental simulation
to get a better sense of the suitability of the decision. If it was considered inappropriate, they would

make slight alterations or consider an alternative option. If it ‘played out’ successfully, the option
would be implemented.32
NDM has made some important contributions to understanding how experts operate in
naturalistic settings by addressing a number of areas previously neglected in psychological research
and by introducing new models and methods of psychological inquiry. It is also responsible for
attracting applied investigators into the field of Cognitive Engineering. NDM has attractive appeal
given the focus on high-profile individuals (experts) in actual work environments. One challenge,
however, is that the proponents of NDM frequently highlight the applied nature of their
methodologies. For example, Endsley et al. (Ref 25, p. 3) relates that “NDM specifically seeks to
provide rich descriptions of how people make decisions in the real world…” The emphasis on ‘realworld’ and ‘real-life’ settings is a recurring theme within the NDM literature. However, as Rogers40
suggests, these terms carry little meaning and may allow authors to avoid being specific or avoid
developing theoretical perspectives that can be generalised and tested (see also Ref 41). Of course,
rich description is terminology borrowed from ethnology and other disciplines using sophisticated
qualitative methodologies. Aside from the issue of qualitative methods putting NDM at odds with
those advocating quantitative methods for Cognitive Engineering, it may overlook the long tradition
of cultural analysis and qualitative methods used in psychology which can trace its origins to the
emergence of the discipline. Regardless, NDM should be applauded for its contribution to the field
by more forcefully advocating rigorous qualitative data analysis, a tool that has been somewhat
neglected by psychologists and thus, by researchers in human factors.
Ecological Interface Design
Ecological interface design (EID) differs from CSE and NDM insofar as it places particular
emphasis not on the task within the work domain but on the affordances which the work domain
itself offers the operator.25 It bears a close resemblance to cognitive work analysis. An ecological
approach within human factors or applied psychology is not new and could historically be traced
from James Gibson back via Edward Tolman, Edwin Holt and Hugo Munsterberg to William James

and Wilhem Wundt. However, EID has a more narrow scope and focuses “on the specific problem of
how to design human-computer interfaces for complex socio-technical systems” (Ref 42, p. 63).
The main aim of ecological interface design (EID) is to devise systems that support operator
adaptation. It is not possible for designers to anticipate every single situation that may arise, and
therefore, there is always a possibility that unexpected, non-routine events can take place.43,44
Unanticipated events such as these range from the mundane and frequently occurring, to the
extremely rare and catastrophic. The latter often take operators by surprise and the subsequent
outcomes can be devastating.45 Through the appropriate application of EID techniques in the design
process, operators should be able to cope better when faced with these events. The approach is
based on the principles that attempting to completely eliminate errors is futile, but instead, efforts
should be directed towards their control and management. The primary focus here is on errors of
‘intention,’ which are distinguishable from errors of ‘execution.’ The former can be conceptualised
as mistakes while the latter can be thought of as slips. Unanticipated events are plagued by mistakes
more so than slips, while the opposite is true for routine events. While other methodologies within
Cognitive Engineering can be employed to help prevent slips, EID, according to its proponents, is the
method most able to effectively reduce mistakes.44 Often, these types of errors, although rare, can
lead to the most severe outcomes.46 EID is designed to provide the operator with the greatest
likelihood of successfully negotiating these types of errors when they occur, by facilitating
adaptation.42 It is thought that the partial meltdown of a nuclear power plant in the United States,
known as the Three Mile Island disaster, would have been avoided had elements of EID been
incorporated into the control room design. After the occurrence of an unexpected sequence of
events, insufficient warning information displayed on the control room interface led to operators
making mistakes which in turn led to the subsequent catastrophe.47
Two key aspects of EID are 1) abstraction hierarchies, and 2) the skills, rules, and knowledge
taxonomy. An abstraction hierarchy is used to describe constraints within an environment in such a
way that it aids potential coping methods.44 Information in an abstraction hierarchy can be divided

into lower level or higher level information, with the former describing physical information and the
latter describing functional information. Complementing this is the use of the skills, rules, and
knowledge taxonomy to elucidate the cognitive processes involved in decision making in these
settings. Skill-based behaviour concerns direct behavioural interaction with the environment. Rulebased behaviour concerns perceptual information and cues. Knowledge-based behaviour involves
more deliberate problem solving behaviour, and demands more effort than either skill-based or rulebased behaviour.42
There are examples of the implementation of EID leading to improved performance over
previously state-of-the-art methods in socio-technical systems.48,49 These improvements tend to be
limited to tasks of a more complex nature, although there are no losses in performance following its
application to simpler tasks too.44 As to the impetus of these gains, there are several likely
contributions. These include the presentation of information in forms (usually visual) that enable the
categorisation of information, the anticipation of changes that are likely to occur, and the
consequences of intended actions.
Nevertheless, it must be noted that the positive effects generated by EID do not occur with all
people as evident in individual differences.44 Furthermore, the vast majority of the EID work appears
to be contained to visual aspects of design, as related by Watson & Sanderson,50 who emphasise
that EID can be useful when involving modalities other than just visual perception. Another issue is
the amount (or lack) of empirical validation of the success stories. There is, however, some research
demonstrating that EID has led to improved visual performance in a simulation of a power plant.51,52
TRADITIONAL COGNITIVE ENGINEERING
This section comprises three research topics within Cognitive Engineering which might be
considered to represent the more traditional approach to cognitive engineering.53 The three topics
are vigilance, skill learning/expertise, and visual displays and iconic cues. These topics make
extensive use of what new cognitive engineering advocates would call micro-cognition and
experimentation, especially in controlled laboratory settings (in Figure 1, quadrant C). These

approaches are micro-cognitive in orientation because researchers in these traditions do appear to
take a reductive orientation and attempt to isolate cognitive sub-components. Our hope in
highlighting these topics is to demonstrate the complementary nature of laboratory research or
traditional human factors with the concerns and techniques being developed by the new Cognitive
Engineering. Both approaches can be integrated effectively and the field, to be effective, needs to
cover all quadrants in Figure 1. At the very least, the examples highlight the continued relevance of
tightly controlled laboratory study to Cognitive Engineering.
Vigilance
Increasingly, modern work environments are dependent upon automated systems. This is
especially the case in critical infrastructure or industries requiring high reliability, including industrial
manufacturing, utility system management, aviation, ground transportation, defence systems, and
medicine. Automation has developed rapidly in response to the demands of higher labour costs and
the desire for improved precision.54 Nevertheless, automated systems remain dependent upon
human operators to monitor the integrity of the system and intervene when necessary to either
prevent a system failure or to ensure that the system is operating optimally.55,56 The need for
operator intervention is unpredictable in both its frequency and its intensity in automated systems,
thereby relegating the operator to the role of a passive observer.57,58
The difficulty with this role is the need to maintain sufficient attention to the task, despite a
relatively passive role for the human monitor. This monitoring for rarely occurring system changes is
labelled vigilance. Systematic research on vigilance began with the work of Norman Mackworth,59,60
who was requested to work on a practical problem encountered by the Royal Air Force (United
Kingdom) during the Second World War. At the time, pulse-position radio detection and ranging –
radar – was a new technological innovation employed to discover the presence of surfaced Axis
submarines. The diesel submarines of the era would have to surface to recharge their batteries.
When they surfaced they would create a radar signature that could be detected by an airbornebased system. Undoubtedly, airborne radar reconnaissance was an improvement over earlier

techniques employed to detect U-boats, such as training sea gulls to flock around them.61 However,
the system had a serious problem. Regardless of their high level of motivation and extensive
training, the airborne observers began to miss ‘blips’ on their radar scopes indicating the presence of
submarines after only 30 min of watch. Losses in vigilance, if left unchecked, could result in
increasing losses of Allied vessels to submarine attacks. From Mackworth’s early research onwards,
the primary interest of vigilance researchers has been the decline in performance over time-on-task,
or the vigilance decrement. The vigilance decrement is marked by either a decline in signal
detections with time-on-task or an increase in response latencies with time-on-task.
The intriguing aspect of the vigilance decrement is that the loss of performance occurs even
though critical signals are perceptible when observers are forewarned about them (e.g., it is not that
the targets are impossible to detect in an alerted state). Vigilance tasks require the detection of
perceptible changes that are not compelling changes in the operating environment. These target or
critical stimuli appear unpredictably with a relatively low probability of occurrence and the observer
has no control over when they appear.62,63,64,65,66,67,68 The long history of studies conducted since
Mackworth’s seminal investigations provide a convincing case that the central nervous system,
regardless of species (the exception may be dolphins, see Helton et al.69 for discussion), cannot
sustain attention for an indefinite period of time and thus, that the focus of attention is temporally
limited. Dukas and Clark70 propose that the vigilance decrement is a dominant factor determining
animal behaviour, including human operator behaviour. The decrement can result in failures to
respond accurately to a change in the system state or a failure to respond in sufficient time to
prevent a system failure.71 The use of automated systems in a broader context can result in other
concerns as well, including a loss of skills, a lack of work identity, increases in stress and fatigue, and
in some cases, violations of standard operating procedures.72
Researchers of vigilance examine the underlying factors influencing the decrement. An
understanding of these relevant factors may help system designers develop better systems to
maintain operator vigilance. If this, however, remains elusive, cognitive engineers have also

examined whether there are indicators of the operator being in an unvigilant state. These indicators
can then be used to ‘monitor the monitor’, in an approach called augmented cognition. Augmented
Cognition is a recently developed field of research seeking to extend the information processing
capacities of human operators by using real-time assessments of human cognitive states and
employing these real-time assessments as inputs in the technological system.73 The human
operator’s cognitive state can be assessed with a variety of sensor technologies detecting
behavioural, psychophysiological and neurophysiological data acquired from the operator in real
time. These data can then be used to adapt or augment the technological interface to significantly
improve human performance. Augmented Cognition techniques may enable organisations to predict
or detect when operators will be likely to miss target stimuli. Detecting these operator changes may
lead to a dramatic reduction in accidents-mishaps, by both increasing awareness as to when these
errors are more likely to occur, and perhaps, in the future by altering the system itself.
Peripheral and central physiological markers can also be used to gauge the amount of
cognitive resources that a human operator is expending. For example, pupil diameter when
controlling for lighting may be a marker of cognitive resource expenditure.74,75 Self-reported task
engagement has also been found to be negatively correlated with blink rate while self-reported
distress is positively correlated with heart rate.76,77 Several studies have shown that there is a close
relation between mental activity and cerebral blood flow.78,79 Recent signal detection studies80,81,82
indicate that the temporal decline in target detections that typifies vigilance performance, the
vigilance decrement, is accompanied by a parallel decline in cerebral blood flow. They also indicate
that the absolute level of cerebral blood flow in vigilance tasks is positively related to the
psychophysical and cognitive demands placed upon observers and that these effects are lateralized
to the right cerebral hemisphere.80,82,83
The future of vigilance research will take a neuro-ergonomic perspective in an attempt to
prevent vigilance decrement via system intervention when the human operator is in an unvigilant
state. Cognitive Engineering will see the benefits of neuroscience by absorbing both the findings and

techniques coming from the neurosciences. These cognitive-neuro systems will revolutionize the
way people interact with machines. If integrated with the newer perspective of CSE, it suggests that
the introduction of physiological monitoring systems will themselves come to be used by operators
to improve system performance. This will itself require further investigation.
Skill Learning and Expertise
Researchers propose a developmental transition in skill from active control to
automaticity.84,85,86,87 The automatization of skill frees up attention for other concurrent tasks and
operations. Changes in attention during skill development are well established.86,87 Fitts’ and
Posner’s88 and Andersons’s89 stage models of expertise development are cases in point. In these
models, the initial cognitive-stage, requiring active control, consists of close attention to cues and
feedback. Performance during the cognitive-stage is not fluid and requires the coordination of the
separate skill elements by the individual. Skill production during this stage is attention demanding
and places limits on performing other activities. The next associative-stage in the model consists of
organizing these separate skill elements into larger units or chunks by chaining operations and
procedures together. This organization results in an increase in production fluidity-speed and a
decrease in attention requirements. The final autonomous-stage consists of the skill becoming
relatively independent from active cognitive control and attention, or in other words, automatic.
This enables an even greater freeing up of attention.
A common example is driving an automobile. A well-trained driver is usually able to drive
(primary task) while simultaneously engaging in a conversation with a passenger (secondary task).
When driving conditions, however, become more difficult, such as during dense, unpredictable
traffic, or on slippery roads, the conversation needs to stop since the attention resources needed to
undertake both tasks simultaneously is limited. These attention resources represent anything of
limited supply in the control system of the individual: glucose-oxygen, neurotransmitters, neurons,
or actual neuronal groups. The skill level of the operator also determines this attention trade-off

between the primary task of driving and the secondary task of carrying on a conversation. A novice
will need to stop talking even sooner than an expert.
A skill performed without attention costs is considered to be automatic.86 Automaticity is itself
gradated so that tasks require more or less attention resources. Some researchers argue that all
tasks have some attention costs, although they can be small, to the point that it is difficult to
determine the attention cost with current methods90 (see Ref 91 for an alternative perspective).
Nevertheless, there is significant evidence to suggest that skills become more automated and less
attention demanding with practice.92 Skill execution in the early stage of learning requires the
executive attention system to actively integrate sub-components of the skill and coordinate their
production.87 The attention demands of skill production are less intense with practice, because the
sub-routines have been stored in larger memory units or chunks93 and the brain has reorganized to
be more efficient.94,95
Implicit learning studies have shown that contextual regularities that affect performance can
be acquired independent of conscious awareness.96 In these implicit learning studies the human
participant must actively attend to the display for the sequences to be learned.97 Participants may be
unaware of having learned a particular sequence, they are, however, certainly aware of the original
perceptual inputs. They are not learning subliminally. There is research showing that later visual
performance can be influenced by prior exposure to subliminal stimuli.98 However, in these
subliminal perceptual learning experiments, the learning only occurs when the subliminal
information is presented concurrently with actively attended to stimuli. Apparently, mere exposure
is not sufficient to initiate learning.99 The learning of complex skills, at least, appears to require
attention or the investment of attention. Especially in the novice stage, performance can be
disrupted by other tasks placing demands on attention. Later, as the skill becomes more automatic,
attention can be redirected to other objects or tasks. Although it is certainly possible that learning
can occur without any input from executive attention, there is very little evidence to support this
contention, especially in the acquisition of complex skills. Understanding the role of attention in skill

learning can result in improvements in instructional design or training systems, for example,
Cognitive Load Theory.100 This perspective is also informative for making adaptive user interfaces
that can scale to the individual’s skill level, e.g. the system could scale to a novice and provide more
attention support.
One challenge for research involving the acquisition of complex skills is determining who is
actually highly skilled, or expert, at the task (this is also a problem for NDM). While one could rely on
professional reputation, often this can be due to seniority or presentation ability, and not actual
level of skill. This is where using the laboratory methods developed by skill researchers has
additional merits over merely observing individuals in the field (e.g., doing work ethnology). If the
skill is not obvious without objective standards of the level of ability, techniques developed in the
laboratory can be employed to reveal relative skill level. Many occupational skills are not like trackand-field events with objective performance metrics (time or distance) that are obvious to all.
Instead, complex skills require integrative diagnosis. The later is difficult to establish. Researchers
have developed methods, however, to resolve this challenge. EXPERTise, for example, is a
psychometric tool that is designed to distinguish expert from competent and novice
practitioners.101,102 EXPERTise is specifically designed to assess diagnostic expertise when using
human-machine interfaces. Performance is assessed on a series of five tasks, each of which
incorporates domain-relevant stimuli (derived from cognitive interviews of subject-matter experts)
and capitalises on operators’ capacity for cue utilisation. The utility of EXPERTise lies in its use of
norms in preference to assessments of performance against a standard. Recent analyses have
yielded a test-retest reliability of 0.79 and 0.78 at six monthly intervals.103 In relation to predictive
validity, statistically significant relationships have been established between performance-based
classifications on EXPERTise, and accuracy on high fidelity diagnostic assessment tasks in the context
of power controllers104 and paediatricians.105

Displays and Iconic Cues
Although Human Factors has a long history of research into the appropriate display of
information,106 current work in the area integrates findings from laboratory studies with more
naturalistic examinations of skilled operators (similar to NDM). In modern automated work systems,
operators will often be relatively disengaged from the system when a system alert is issued (see also
the section on vigilance above). From an information processing perspective, disengagement from a
primary task inevitably results in a situation where the acquisition, integration, and interpretation of
information associated with a change in the system state must be completed within a shorter period
of time than might be the case if the operator was fully engaged in system operation. Where
primary, task-related information is sampled on a continuous basis and an existing schema or mental
model is updated, the information can be prioritized so that a relatively limited number of key
indicators or cues are retained, thereby reducing the demands on working memory.102 However,
where a system-related problem occurs in the absence of regular sampling, the process of
information acquisition is necessarily broad initially in an attempt to identify the patterns of cues
that are evident, and thereby develop an accurate diagnosis.107
For more experienced operators, the process of information acquisition will quickly become
more refined to a point where the pattern is recognised and the diagnosis is resolved. Researchers,
for example, conducted a series of experiments in which they were able to identify the key features
that competent pilots engage during a partial engine failure in a simulated aircraft.108 However, for
less experienced operators, the process of information acquisition is considerably less structured
and requires a level of time and resources beyond that required by experts.109 The difficulty for the
less experienced operator lies in an inability to quickly recognise and integrate cues to quickly draw
meaning from a situation. Helton and colleagues110 have shown that the workload imposed by these
demands is a significant source of distress for operators that further impacts operator
performance.111,112 To cope with these demands, the process of information acquisition tends to
involve the search for specific information that will point towards a specific cause, and might thus

explain the change in the system state. Overall, it is a process that is time and resource intensive,
emotionally distressing, and is subject to error.113
Iconic cues are tools, however, that have the capacity to highlight a change in the system
state, direct the attention of the operator to key features that will enable a more rapid and a more
accurate diagnosis and response to the change in the system state. Cues represent feature-event
relationships in memory and they are used to interpret situations rapidly and with relatively little
demand on working memory resources.17,107 At a fundamental level, there are particular features
that hold some meaning to the operator by virtue of their association with specific events in memory
and it is this association that provides the basis for the cue. Where a feature-event relation becomes
more familiar, exposure to even a relatively limited portrayal of this feature can trigger a nonconscious association in memory.
The application of visual cues is evident in a wide range of environments, including weather
decision-making by pilots,29 the interpretation of murder scenes by forensic investigators,114 the
identification of an appropriate point of entry to a building by fire fighters,115 and the management
of convulsions in an infant by paediatricians.116 In each case, expert practitioners engage a relatively
limited number of specific features to interpret a situation. However, the cues can be taught to
competent practitioners with resultant improvements in performance.117
The use of icons as cues is common in a range of industrial environments, including aviation
and medicine.115 For example, in the medical context physicians will draw conclusions on the basis of
visual representations of heart rate. Similarly, in aviation, icons are used to display the trajectory of
the aircraft along an optimal descent path. In both cases, responses are expected if the icons depict
a deviation from the normal limits. Given the importance of cues for system diagnosis, display
designers can create better displays which enhance the recognition of icons. For example,
highlighting features or increasing their salience in the display. The techniques used to enhance icon
recognition would employ all the results of laboratory studies looking at visual search. This approach

integrates the work of traditional psychology or Human Factors laboratories with the newer
approach of NDM and suggests a bridge between the two Cognitive Engineering camps.
CONCLUSION
This review of both the new and traditional approaches to Cognitive Engineering was
intended to highlight their complementary nature. Advocates of the new approaches are correct to
point out that any over-emphasis on micro-cognition without research of macro-cognition can be
harmful to cognitive engineering. Context is important. Neglecting research of micro-cognition is,
however, potentially self-defeating. For example, some engineers, including cognitive engineers,
might suggest that the issue of vigilance can be designed out of the system or does not occur in
operational settings (despite numerous studies showing otherwise, see Ref 118). For example,
colleagues in a North American defence laboratory recently indicated concerns to one of the authors
that some members of a policy advisory board had indicated that vigilance was no longer a serious
concern in unmanned systems. This view, however, directly contradicts the findings of a recent
review of human factors issues in unmanned operations conducted by Defence Research and
Development Canada. Arrabito et al. (Ref 119, p.3) state that "In contrast, for UVs [unmanned
vehicles] that are highly automated (e.g., automated take-off and landing, and pre-programmed
flight), the human factors issues are primarily related to problems in operator supervisory control
such as maintaining vigilance." Future uninhabited vehicles will be highly automated, and reviews by
allied defence forces conclude that maintaining operator vigilance is the critical issue in future
uninhabited vehicle operations. While innovations in designs can result in improvements in overall
system performance, the problem of maintaining human operator vigilance is not going to subside.
Complete automation without human supervision is fantasy. Design will, furthermore, not mitigate
the effects of losses of human vigilance. In reality, increases in system automation will likely
exacerbate the issue.64 This concern is also echoed in other industries where increasing automation
has changed the nature of human work from active participation to system monitoring.118 Research
on vigilance has a relatively long history, but this does not merit dismissing its relevance. Well

conducted micro-cognitive research (in Figure 1, quadrant C) is more likely to lead to successful
counter-measures in this case.
Another issue which may be resolved is the metaphorical distance between laboratory and
natural settings, which is often confused with the epistemological method distinction noted in Figure
1. Zsambok & Klein120 list eight key contextual factors which constitute NDM situations, including a
requirement for environments to be “uncertain and dynamic (not static, simulated environments)”
(Zsambok & Klein, Ref 120, p.5). Many simulated environments, however, can be recognised as both
uncertain and dynamic. Indeed, the separation between a simulated and ‘real’ environment will
erode increasingly. As work becomes more like a simulation (for example, uninhabited vehicle
operations) and simulations become more like work, eventually the laboratory and the real world
will integrate. The distinction between the ‘real’ world and the laboratory may be a bit overplayed.
Research in both environments is likely to be complementary.
The new and traditional conceptualizations of cognitive engineering should merge, since both
provide important contributions to the overall field. While one of the beliefs of a free market is that
competition results in better products, we have to wonder how much energy is being wasted on
marketing the various brands of Cognitive Engineering and whether this could, in the long run, be
damaging Cognitive Engineering as a discipline. The field, for example, does not need to constantly
add esoteric terminology. Otherwise, Cognitive Engineering will become as hard to comprehend as a
post-modern novel. Advocates of the new approaches need to recognize that while they are offering
some new ideas, they are actually not necessarily a radical break with traditional human factors or
applied psychology. Many engineers are sceptical of psychology however it is repackaged. Instead of
fixating on terminology and branding, the key may be to focus on results. For example, how many
introductory psychology textbooks include sections on Fitts’ Law,121 Hicks Law, Stimulus-Response
compatibility, etc.? All are substantial and significant contributions of psychology to real world
human-machine interfaces. For that matter, even psychophysics is slowly being edged out of the
introductory courses to the field, despite being the origin of the field and still immensely useful.

Perhaps, the lack of consistency and recognition of success is hampering the field of psychology and
its sub-fields like Cognitive Engineering. Essentially, psychology has always been Cognitive
Engineering.5
REFERENCES
1. Woods DD, Roth EM. Cognitive engineering: Human problem solving with tools. Human Factors:
The Journal of the Human Factors and Ergonomics Society 1988, 30(4): 415-430.
2. Norman DA. (1986). Cognitive engineering. User Centered System Design 1986, 31-61.
3. Bernard HR. Research methods in anthropology: qualitative and quantitative approaches (3rd ed).
Walnut Creek, CA: Altamira Press, 2002.
4. Kaikati JG, Kaikati AM. A rose by any other name: rebranding campaigns that work. Journal of
Business Strategy 2003, 24:17-23.
5. Helton WS, Kemp S. What basic-applied issue? Theoretical Issues in Ergonomics Science 2011,
12:397-407.
6. Woodworth RS, Schlosberg H. Experimental psychology. London: Methuen, 1938/1955.
7. Boring EG. Beginning and growth of measurement in psychology. In: H. Woolf (ed.)
Quantification: a history of the meaning of measurement in the natural and social sciences.
New York: History of Science Society; 1961.
8. Schaffer S. Astronomers mark time: discipline and the personal equation. Science in context, 1988
2:115-145.
9. Mitchel O. On personal equation. Monthly Notices of the Royal Astronomical Society, 1858,
18:261-264.
10. Airy GB. Remarks upon certain cases of persona equation which appear to have escaped further
notice. Monthly Notices of the Royal Astronomical Society, 1856,16:6-7.
11. Mitchel O. Popular astronomy. London: Routledge; 1860.
12. Boring EG. A history of introspection. Psychological Bulletin 1953, 50:169-189.

13. Wheatstone C. Contributions to the physiology of vision.--Part the first. On some remarkable,
and hitherto unobserved, phenomena of binocular vision. Philosophical transactions of the
Royal Society of London 1838, 128:371-394.
14. Wheatstone C. The Bakerian Lecture--Contributions to the Physiology of Vision.--Part the Second.
On Some Remarkable, and Hitherto Unobserved, Phenomena of Binocular Vision (Continued).
Philosophical transactions of the Royal Society of London 1852, 142:1-17.
15. Rieber RW, Robinson DK. Wilhelm Wundt in history: The making of scientific psychology. New
York: Kluwer, 2001.
16. Stafford T. On the various forms of personal equation in meridian transits. Monthly Notices of the
Royal Astronomical Society 1897, 57:504-514.
17. Brunswik E. Scope and aspects of the cognitive problem. In: JS Bruner, E Brunswik, L Festinger, F
Heider, KF Muenzinger, CE Osgood, D Rapaport (Eds.). Contemporary approaches to cognition.
Cambridge: Harvard University Press, 1957, 5-31.
18. Klein G, Ross KG, Moon BM, Klein DE, Hoffman RR et al. Macrocognition. Intelligent Systems, IEEE
2003,18(3):81-85.
19. Shanteau J. How much information does an expert use? Is it relevant? Acta Psychologica 1992,
81:75-86.
20. Militello LG, Dominguez CO, Lintern G, & Klein, G. The role of cognitive systems engineering in
the systems engineering design process. Systems Engineering, 2010, 13(3):261-273.
21. Baxter, G., & Sommerville, I. Socio-technical systems: From design methods to systems
engineering. Interacting with Computers, 23(1), 4-17.
22. Hollnagel E, Woods DD. Cognitive systems engineering: New wine in new bottles. International
Journal of Man-Machine Studies 1983,18(6):583-600.
23. Hollnagel E, Woods DD. Joint cognitive systems: Foundations of cognitive systems engineering.
Boca Raton, Fl: CRC Press, 2005.

24. Woods DD, Hollnagel E. Joint cognitive systems: Patterns in cognitive systems engineering. Boca
Raton, Fl: CRC Press, 2006.
25. Endsley MR, Hoffman R, Kaber D, Roth E. Cognitive engineering and decision making: An
overview and future course. Journal of Cognitive Engineering and Decision Making 2007,
1(1):1.
26. Helmreich RL, Wilhelm JA. Outcomes of crew resource management training. International
Journal of Aviation Psychology 1991, 1(4):287-300.
27. Klinger DW, Klein G. Emergency response organisations: An accident waiting to happen
Ergonomics in Design 1999, 7(3), 20-25.
28. Staszewski JJ. Models of human expertise as blueprints for cognitive engineering: applications to
landmine detection. Proceedings of the Human Factors and Ergonomics Society Annual
Meeting 2004, 48:458-462.
29. Wiggins MW, & O’Hare D. Weatherwise: Evaluation of a cue-based training approach for the
recognition of deteriorating weather conditions during flight. Human Factors 2003a, 45:337345.
30. Ornstein C. Hospital heeds doctors, suspends use of software. Los Angeles Times, January 22
2003, B-1.
31. Eggen D, Witte G. The FBI system that wasn’t: $170 million boght an unusable computer system,
The Washington Post, August 18, 2006, A-1.
32. Klein G. Naturalistic decision making. Human Factors: The Journal of the Human Factors and
Ergonomics Society 2008, 50(3):456-460.
33. Schraagen J M, Klein G, Hoffman RR. The macrocognition framework of naturalistic decision
making. Naturalistic decision making and macrocognition 2008, 3-25.
34. Tversky A, Kahneman D. Judgment under uncertainty: Heuristics and biases. Science 1974,
185(4157):1124-1131.

35. Klein GA. Recognition-primed decisions. In: Rouse WB (Ed.). Advances in Man-Machine System
Research, Greenwich, CT: JAI Press Inc., 1989, 47-92.
36. Klein GA. Sources of power: How people make decisions. Cambridge, MA: The MIT Press, 1999.
37. Lipshitz R, Klein G, Orasanu J, Salas E. Taking stock of naturalistic decision making. Journal of
Behavioral Decision Making 2001, 14(5):331-352.
38. Calderwood R, Klein GA, Crandall BW. Time pressure, skill, and move quality in chess. American
Journal of Psychology 1988, 101:481-491.
39. Simon HA. Models of man; social and rational. New York: Wiley, 1957.
40. Rogers WA. Editorial. Journal of Experimental Psychology: Applied 2008, 14(1):1-4.
41. Gore J, Banks A, Millward L, Kyriakidou O. Naturalistic decision making and organizations:
Reviewing pragmatic science. Organization Studies 2006, 27(7):925-942.
42. Vicente KJ. Ecological interface design: Progress and challenges. Human Factors: The Journal of
the Human Factors and Ergonomics Society 2002, 44(1):62-78.
43. United States Nuclear Regulatory Commission. TMI-2 lessons learned task force final report.
(Report number NUREG-0585) Tech, Rep. Washington DC, 1979
44. Vicente KJ, Rasmussen J. Ecological interface design: Theoretical foundations. Systems, Man and
Cybernetics, IEEE Transactions on 1992, 22(4):589-606.
45. Reason J. Human Error. Cambridge, UK: Cambridge University Press, 1989.
46. Perrow C. Normal accidents: Living with high-risk technologies. New York: Princeton University
Press, 1984.
47. United States Nuclear Regulatory Commission. Clarification of TMI action plan requirments.
(Report number NUREG-0737) Tech, Rep. Washington DC, 1980
48. Reising DVC, Sanderson PM. Designing displays under ecological interface design: Towards
operationalizing semantic mapping. Proceedings of the Human Factors and Ergonomics Society
Annual Meeting October 1998, 42(3):372-376.

49. Sharp TD, Helmicki AJ. The application of the ecological interface design approach to neonatal
intensive care medicine. Proceedings of the Human Factors and Ergonomics Society Annual
Meeting October 1998, 42:(3)350-354.
50. Watson M O, Sanderson PM. Designing for attention with sound: Challenges and extensions to
ecological interface design. Human Factors: The Journal of the Human Factors and Ergonomics
Society 2007, 49(2):331-346.
51. Burns CM. Navigation strategies with ecological displays. International Journal of HumanComputer Studies 2000a, 52(1):111-129.
52. Burns CM. Putting it all together: Improving display integration in ecological displays. Human
Factors: The Journal of the Human Factors and Ergonomics Society 2000b, 42(2):226-241.
53. Sanders MS, McCormick EJ. Human factors in engineering and design, 7th ed. New York, NY:
McGraw-Hill, 1993.
54. Sarter NB, Mumaw RJ, Wickens CD. Pilots' monitoring strategies and performance on automated
flight decks: An empirical study combining behavioral and eye tracking data. Human Factors
2007, 49:347-357
55. Madhavan P, Wiegmann DA, Lacson FC. Automation failures on tasks easily performed by
operators undermines trust in automated aids. Human Factors 2006, 48:241-256
56. Parasuraman R, Wickens CD. Humans: Still vital after all these years of automation. Human
Factors 2008, 50:511-520
57. Hancock PA, Warm JS. A dynamic model of stress and sustained attention. Human Factors 1989,
31: 519-537.
58. Miller CA, Parasuraman R. Designing for flexible interaction between humans and automation:
Delegation interfaces for supervisory control. Human Factors 2007, 49:57-75
59. Mackworth NH. The breakdown of vigilance during prolonged visual search. Quarterly Journal of
Experimental Psychology 1948, 1:6-21.

60. Mackworth NH. (1950). Researches on the measurement of human performance. Medical
Research Council Special Report, No. 2680. London: H.M.S.O. Reprinted from Selected papers
in the design and use of control systems, Sinaiko HW (Ed)., New York: Dover, 1961, 174-331.
61. Lubow RE. The war animals. New York: Doubleday, 1977.
62. Davies DR, Parasuraman R. The psychology of vigilance. London: Academic Press, 1982.
63. Helton WS, Russell PN. Brief mental breaks and content-free cues may not keep you focused.
Experimental Brain Research 2012, 219(1):37-46.
64. Helton WS, Warm JS. Signal salience and the mindlessness theory of vigilance. Acta Psychologica
2008, 129:18-25.
65. Matthews G, Davies DR, Westerman SJ, Stammers RB. Human performance: Cognition, stress and
individual differences. East Sussex, UK: Psychology Press, 2000.
66. See JE, Howe SR, Warm JS, Dember WN. A meta-analysis of the sensitivity decrement in
vigilance. Psychological Bulletin 1995, 117:230-249.
67. Warm JS. An introduction to vigilance. In: JS Warm (Ed.), Sustained attention in human
performance. Chichester, UK: Wiley, 1984, 1-14.
68. Warm JS. Vigilance and target detection. In: BM Huey, CD Wickens (Eds.), Workload transitions:
Implications for individual and team performance. Washington DC: National Academy Press,
1993, 139-170.
69. Helton WS, Warm JS, Tripp LD, Matthews G, Parasuraman R et al. Cerebral lateralization of
vigilance: A function of task difficulty. Neuropsychologia 2010, 48:1683-1688.
70. Dukas R, Clark CW. Sustained vigilance and animal performance. Animal Behviour 1995, 49:12591267.
71. Oron-Gilad T, Ronen A, Shinar D. Alertness maintaining tasks (AMTSs) while driving. Accident
Analysis and Prevention 2008, 40:851-860
72. Parasuraman R, Riley V. Humans and automation: Use, misuse, disuse, and abuse. Human
Factors 1997, 39: 230-253

73. Schmorrow DD, Kruse AA. Augmented Cognition. In: WS Bainbridge (Ed.), Berkshire Encyclopedia
of Human-Computer Interaction. Great Barrington, MA: Berkshire Publishing Group, 2004, 5459.
74. Andreassi JL. Psychophysiology: Human behavior and physiological response. Mahwah, NJ:
Lawrence Erlbaum, 2007.
75. Steinhauer SR, Siegle GJ, Condray R, Pless M. Sympathetic and parasympathetic innervation of
pupillarly dilation during sustained processing. International Journal of Psychophysiology 2004,
52:77-86.
76. Fairclough SH, Venables L. Psychophysiological candidates for biocybernetic control of adaptive
automation. In: de Waard D, Brookhuis KA, Weikert CM (Eds.). Human factors in design.
Maastricht, Netherlands: Shaker, 2004, 177-189.
77. Fairclough SH, Venables L. Prediction of subjective states from psychophysiology: a multivariate
approach. Biological Psychology 2006, 71:100-110.
78. Stroobant N, Vingerhoets G. Transcranial doppler ultrasonography monitoring of cerebral
hemodynamics during performance of cognitive tasks: A review. Neuropsychology Review
2000, 10: 213–231.
79. Tripp LD, Warm JS. Transcranial Doppler sonography. In: R. Parasuraman & M. Rizzo (Eds.).
Neuroergonomics: The brain at work. New York: Oxford University Press, 2007, 82-94.
80. Hitchcock EM, Warm JS, Matthew G, Dember WN, Shear PK. et al. Automation cueing modulates
cerebral blood flow and vigilance in a simulated air traffic control task. Theoretical Issues in
Ergonomic Science 2003, 4:89–112.
81. Schnittger C, Johannes S, Arnavaz A, Munte TF. Relation of cerebral blood flow velocity and level
of vigilance in humans. NeuroReport 1997, 8:1637-1639.
82. Warm JS, Parasuraman R. Cerebral hemodynamics and vigilance. In: R. Parasuraman & M. Rizzo
(Eds.). Neuroergonomics: The brain at work. New York: Oxford University Press, 2007, 146-158.
83. Helton WS, Hollander TD, Tripp LD, Parsons K, Warm JS. et al. Cerebral hemodynamics and

vigilance performance. Journal of Clinical and Experimental Neuropsychology 2007, 29:545552.
84. Helton WS. Skill in expert dogs. Journal of Experimental Psychology: Applied 2007, 13(3):171-178.
85. Helton WS (Ed.). Canine Ergonomics: The Science of Working Dogs. Boca Raton: Taylor and
Franci, 2009.
86. Logan GD. Skill automaticity: relations, implications, and future directions. Canadian Journal of
Psychology 1985, 39:367-386.
87. Procter RW, Dutta A. Skill acquisition and human performance. Thousand Oaks, CA: Sage, 1995
88. Fitts PM, Posner MI. Human performance. Belmont, CA: Brooks/Cole, 1967.
89. Anderson JR. Learning and memory: an integrated approach. New York: John Wiley, 1995.
90. Paul SS, Ada L, & Canning CG. Automaticity of walking – implications for physiotherapy practice.
Physical Therapy Reviews 2005, 10:15-23.
91. Pashler H. The psychology of attention. Cambridge, MA: MIT Press, 1998.
92. Bebko JM, Demark JL, Osborne PA, Majumder S, Ricciuti CJ. et al. Acquisition and automatization
of a complex task: an examination of three-ball cascade juggling. Journal of Motor Behavior
2003, 35:109-118.
93. Ericsson KA, Charness N. Expert performance: Its structure and acquisition. American
Psychologist 1994, 49:725-747.
94. Foyer-Lea A, Matthews PM. Changing brain networks for visuomotor control with increased
movement automaticity. Journal of Neuroscience 2004, 92: 2405-2412.
95. Poldrak RA, Sabb FW, Foerde K, Tom SM, Asarnow RF. et al. The neural correlates of motor skill
automaticity. Journal of Neuroscience 2005, 25: 5356-5364.
96. Chun MM, Jiang Y. Contextual cueing: Implicit learning and memory of visual context guides
spatial attention. Cognitive Psychology 1998, 36:28–71.
97. Baars BJ. The conscious access hypothesis: Origins and recent evidence. Trends in Cognitive
Sciences 2002, 6:47–52.

98. Seitz A, Watanabe T. Psychophysics: is subliminal learning really passive? Nature 2003, 422:36.
99. Seitz A, Watanabe T. A unified model for perceptual learning. Trends in Cognitive Science 2005,
9:329-334.
100. Sweller J. Cognitive load during problem solving: Effects on learning. Cognitive Science 1988, 12
(2):257–285.
101. Wiggins MW, Harris J, Loveday, O’Hare D. EXPERT Intensive Skills Evaluation (EXPERTise).
[Software]. Sydney, Macquaris University, 2011.
102. Wiggins MW. Making Sense of Sustainability: Cue-Based Approaches to Sustainable
Organizational Performance. In: Avery G, Hughes B (Eds.). Fresh thoughts & new research in
sustainable leadership. Melbourne, AUS: Tilde University Press, 2012, 38-49.
103. Loveday T, Wiggins MW, Festa M, Schell D, Twigg D. Pattern recognition as an indicator of
diagnostic expertise. Berlin, DK: Springer-Verlag (Accepted for Publication 28-03-12).
104. Loveday T, Wiggins MW, Harris J, Smith N, O’Hare D. (In Press). An Objective Approach to
Identifying Diagnostic Expertise Amongst Power System Controllers. Human Factors
105. Loveday T, Wiggins MW, Searle BJ, Festa M, Schell D. (In Press). The capability of static and
dynamic features to distinguish competent from genuinely expert practitioners in pediatric
diagnosis. Human Factors.
106. Wickens CD, Hollands JG. Engineering psychology and human performance (3rd ed.). Upper
Saddle River, NJ: Prentice, 2000.
107. Wiggins MW. Cue-based processing and human performance. In: W. Karwowski (Ed.).
Encyclopedia of ergonomics and human factors (2nd ed). London, UK: Taylor and Francis, 2006,
641-645.
108. Harris JM, Wiggins MW, Taylor S, Thomas MJW. Performance and cognition in dynamic
environments. The development of a new tool to assist practitioners. In: JM. Anca (Ed.),
Multimodal safety management and human factors. Aldershot, UK: Ashgate, 2007, 159-168.

109. Helton WS, Shaw T, Warm JS, Matthews G, Hancock PA. (Effects of warned and unwarned
demand transitions on vigilance performance and stress. Anxiety, Stress and Coping 2008,
21:173-184.
110. Helton WS, Russell P N. The effects of arousing negative and neutral picture stimuli on target
detection in a vigilance task. Human Factors 2011, 53:132-141.
111. Ossowski U, Malinen S, Helton WS. The effects of emotional stimuli on target detection: Indirect
and direct resource costs. Consciousness and Cognition 2011, 20:1649-1658.
112. Wiggins MW, Stevens C, Howard A, Henley I, O’Hare D. Expert, intermediate and novice
performance during simulated pre-flight decision-making. Australian Journal of Psychology
2002, 54:162-167.
113. Wiggins MW, & O’Hare D. Weatherwise: Evaluation of a cue-based training approach for the
recognition of deteriorating weather conditions during flight. Human Factors 2003a, 45:337345.
114. Morrison B, Wiggins M, Porter G. User Preference for a Control-Based Reduced Processing
Decision Support Interface. International Journal of Human-Computer Interaction 2010,
26:297-316.
115. Perry N, Wiggins MW. Cue generation among firefighters: Competent vs. expert differences. In:
Proceedings of the 52nd Annual Meeting of the Human Factors and Ergonomics Society. New
York, NY: Human Factors and Ergonomics Society, 2008, 418-422.
116. McCormack C, Wiggins M, Festa M, & Schell D. (Submitted for Publication). Information
Acquisition During Expert and Subexpert Paediatric Diagnosis. International Journal of Medical
Simulation.
117. Wiggins MW, O’Hare D. Expert and novice pilot perceptions of static in-flight images of
weather. International Journal of Aviation Psychology 2003b, 13:173-187.
118. Wiggins MW. Vigilance decrement amongst general aviation pilots. Applied Cognitive
Psychology 2011, 25:229-235.117. Arrabito GR, Ho G, Lambert A, Rutley M, Keillor J. et al.

Defence R&D Canada. Human Factors Issues for Controlling Uninhabited Aerial Vehicles:
Preliminary Findings in support of the Canadian Forces Joint Unmanned Aerial Vehicle
Surveillance Target Acquisition System Project, 2011.
119. Arrabito GR, Ho G, Lambert A, Rutley M, Keillor J. et al. Defence R&D Canada. Human Factors
Issues for Controlling Uninhabited Aerial Vehicles: Preliminary Findings in support of the
Canadian Forces Joint Unmanned Aerial Vehicle Surveillance Target Acquisition System
Project, 2011.

120. Zsambok CE, Klein GA. Naturalistic decision making: New Jersey: Lawrence Erlbaum Associates,
1997.
121. Fitts PM. The Information Capacity of the Human Motor System in Controlling the Amplitude of
Movement. Quarterly Journal of Psychology 1954, 47:381-391.

Further Reading/Resources
Endsley MR, Hoffman R, Kaber D, Roth E. Cognitive engineering and decision making: An overview
and future course. Journal of Cognitive Engineering and Decision Making 2007, 1(1):1.
Klein G, Ross KG, Moon BM, Klein DE, Hoffman RR et al. Macrocognition. Intelligent Systems, IEEE
2003,18(3):81-85.
Matthews G, Davies DR, Westerman SJ, Stammers RB. Human performance: Cognition, stress and
individual differences. East Sussex, UK: Psychology Press, 2000.
Woods DD, Hollnagel E. Joint cognitive systems: Patterns in cognitive systems engineering. Boca
Raton, Fl: CRC Press, 2006.
Woodworth RS, Schlosberg H. Experimental psychology. London: Methuen, 1938/1955.
Related Articles
Article ID
COGSCI-192
COGSCI-153
COGSCI-224

Article title
Complex Systems
Decision-making under Uncertainty
Situated Cognition

